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Abstract: Based on the mechanism of evaluation feedback and control, this paper researches for adaptive adjustment of
setting threshold of associative classification method. Firstly, the mathematical model of evaluating the set that consist
of classification rules is established. Then, based on this model, a method that uses the interval iterative approximation
for getting the approximate optimal solution of associative classification minimum support in order to achieve the

adaptive threshold settings is put forward. Finaly, the smulation experiment shows that the method has better
adaptability and effectiveness comparing with some general ones.
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Figure 1. flow chart of associative classification based on

self-adaptive threshold
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Table 1. Description of the data set
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Figure 2. Relation chart of the threshold’'s sample points

corresponding to the values of synthetically evaluating
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Table 2. Test result’s contrasts of the two kinds of associative
classification method
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