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Abstract
In this paper, approximate Bayesian computation and least square method are used to estimate
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the parameters of AR(p) model. The simulation AR(2) model data are generated by RStudio soft-
ware, and the accuracy of parameter estimate is compared between the two methods. Finally, the
effectiveness of the two parameter estimation methods is verified by examples.
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Figure 1. Parameter alpha frequency distribution histogram and post-
erior distribution density function curve
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Figure 2. Parameter sigma frequency distribution histogram and post-
erior distribution density function curve
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Table 1. Parameter estimate of AR(2) model
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Figure 3. Crude oil futures closing price series
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Figure 4. Crude oil futures closing price’s logarithm increment series
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Figure 5. PACF diagram
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Figure 6. Parameter alphal frequency distribution histogram and post-
erior distribution density function curve
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Figure 7. Parameter sigma frequency distribution histogram and post-
erior distribution density function curve
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