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Abstract

Data intelligence can help commercial banks to save costs and improve efficiency, and it is helpful
for the internal governance of commercial banks, risk prevention, help banks to develop custom-
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ers, promote marketing and other functions. This paper expounds the present situation of the ap-
plication of the data intelligence in the commercial banks, illustrates the obvious effect of the data
intelligence by using the application examples, and puts forward the development trend of the
data intelligence in the commercial banks around the principle and the improvement space. This
paper discusses the business pain points of commercial banks, and puts forward a framework
model of personal wealth steward. The framework mainly includes three parts: individual cus-
tomer analysis, overall customer analysis and business recommendation. The principle and aim of
the three parts are discussed in detail, and the concrete demonstration of the individual customer
analysis and the whole customer analysis is presented. In this paper, the framework model can be
used for commercial banks in data intelligence applications to play an enlightening role.
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Figure 1. Wealth management service framework model based on data intelligence
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Hmmmmmmmmm Hmmmmmmmmme Fommmmmm e o oo +
| date| class| item|income/cost|order id|
e N o i N e +
|2021-01-02|  powder| apple| -100| 10001
[2021-01-03| milk tea| apple juice] 250| 20001 |
|2021-01-04| milk tea| apple juice] 250| 20002 |
|2021-01-05| Fruit] banana| -100| 10002
|2021-01-05| juice|banana juice] 200| 20003 |
|2021-02-05| juice| apple juice] 232| 20004 |
|2021-02-06| milk tea| apple juice] 161 20005 |
|2021-02-07| jam| apple| -100| 10003 |
|2021-02-05] jam| bananal -100| 10004
|2021-03-05|milk shake| apple juice] 200| 20006 |
|2021-03-06|milk shake|banana juice]| 250| 20007 |
|2021-03-06| fruit| apple] -100|  10005]
|2021-03-08| milk tea|banana juice] 300| 20008
|2021-04-01] fruit| banana| -100| 10006
|2021-04-01| milk tea| apple juice]| 180| 20009 |
[2021-04-02| milk tea| apple juice] 250| 20010
|2021-04-03|milk shake|banana juice] 100| 20011
e s SR — e I L S —— +

Figure 2. Simulation analysis of individual customer data

2. MEEPBIRRIS T

user_id = log_register()

Please input your user id: 1
Please input your password: one
login successful.

user_information.show()

Hmmmmen Hmmmmm e ommmmmees +
|user_id|user_password|user_name|
Hmmmmmm Hmmmmm e dommmmeme +
| 1] one| al
| 2| two | b|
| 3| three| |
Hommmmm Hommmm o Hmmmm oo +

Figure 3. User login system display
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The Total Profit
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Figure 4. Summary results of monthly total profit of individual customers
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Figure 5. Summary results of total monthly consumption of individual customers

.5 A%gpﬁlu\léﬁﬁ/[lu\ %

B S 2 SN BB NGB S R AT 15 6 Fo, TR EUE, PSR R T 4%
FICE . BR T AILE, ASCRE I T DASEELZ SR A% RIS I DI RE -

The Min Items Income of Each class

500 -

400

juice-apple juice
juice-banana juice
milk shake-apple juice
milk shake-banana juice
milk tea-apple juice
milk tea-banana juice

300

200

) I I

0 T T

The Max Items Income of Each class

2021-3
2021-2
2021-4
2021-1

500 juice-apple juice
juice-banana juice

milk shake-banana juice
milk tea-apple juice
milk tea-banana juice

400

300

200

100

2021-3
2021-2 4
2021-4
2021-1

Figure 6. Summary results of maximum and minimum monthly total consumption and income of individual customers
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In [5]: 1 data. head()

out[5] : Customer_ID CategoryGroup Category InvoiceDate Quantity TotalPrice
0 15550 Games & Toys Games & Toys 2020-01-01 1.0 30
1 15550 Bags & Purses Jumbo Bag  2020-01-01 1.0 20
2 15550 Decorations Doilies  2020-01-01 1.0 1.0
3 15550 EBags & Purses Purse  2020-01-01 20 30
4 15550 Bags & Purses Purse  2020-01-01 20 30

Figure 7. Customer consumption
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Proportion of users in the hierarchical number of RFM models

Past Infrequent LowAmount Customer

Recent Infrequent

LowAmount Customer

label

Past Frequent LowAmount Customer

Past Frequent HighAmount Customer

Past Infrequent HighAmount Customer
Recent Frequent LowAmount Customer

Recent Infrequent HighAmount Customer
Recent Frequent HighAmount Customer

@)

RFM model hierarchical user consumption account for the proportion of the amount

Past Infrequent LowAmount Customer

Past Infrequent HighAmount Customer

Past Frequent LowAmount Customer
Recent Frequent HighAmount Customer Past Frequent HighAmount Customer

=

Recent Infrequent LowAmount Customer

Recent Infrequent HighAmount Customer
Recent Frequent LowAmount Customer

(b)
Figure 8. RMF index pie chart
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Graph of the number of users of different types over time
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Figure 9. Customer cluster analysis
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Figure 10. Business development trend
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