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Abstract

Reading comprehension style question answering is one of the current research hotspots in natu-
ral language processing. For the short-answer questions, since the answers are often multiple and
distributed in different positions of the reading passages, most of the existing methods are diffi-
cult to obtain effectively. This paper studies the answer labeling method for short-answer ques-
tions, regards the short-answer question answer labeling problem as a sequence labeling problem,
and considers that the focus words of questions play an important role in finding answers, and
proposes a dynamic network-based short-answer question answer labeling method. End-to-end
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annotation of short-answer questions’ answers, experiments show that the proposed method im-
proves both F1 and EM values.
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Figure 1. Model architecture of reading comprehen-
sion question answering
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Figure 2. Answer annotation model based on dynamic network
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