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Abstract

To enhance the awareness of mine workers to wear safety helmets and carry self-rescuers, and
effectively prevent production safety accidents, automatic detection of safety helmets and self-
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rescuers was realized based on the Pytorch framework and YOLOv5 target detection algorithm.
The results show that the model has high detection accuracy for safety helmets and self-rescuers,
and the mAP reaches 84.1%. The model was tested using surveillance video from the site of a
mining enterprise and was able to accurately detect helmets and self-rescuers in the video.
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Table 1. Experimental equipment parameters
1 ZWRESY

P& =St RS
CPU YRR R R4 5218
GPU RTX AB000 77 48 GB
A7 128GB
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Figure 1. mAP curve of model
1. 8 mAP #hzk

Table 2. Model performance indicators
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Figure 2. Video testing effect on site
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