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Abstract

In this paper, a proximal gradient algorithm for Hadamard manifolds is presented and its conver-
gence is analyzed. Specifically, we extend the proximal gradient method for Nonconvex nonsmooth
problems from Euclidan space to Hadamard manifolds. The difficulty of nonlinearity on Bernhard
Riemann manifolds is proved theoretically according to the special structure of Hadamard mani-
folds. In this paper, a proximal gradient algorithm for Hadamard manifolds is presented and its
convergence is analyzed. Specifically, we extend the proximal gradient method for nonconvex
nonsmooth problems from Euclidean space to Hadamard manifolds. The difficulty of nonlinearity
on Bernhard Riemann manifolds is proved theoretically according to the special structure of Ha-
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