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Abstract

In the research of financial data, the functional data are often encountered. In this paper, the pre-
diction model of functional principal components analysis is established to forecast the Shanghai
Stock Index. Based on the principal component analysis theory and calculation method, the
Shanghai Composite Index is forecasted by Matlab.
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Figure 1. Yield curve and smooth curve
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Figure 2. First derivative curve
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Figure 3. Principal component weighting function (the first interval)
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Figure 4. Principal component weighting function (second interval)
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Table 1. Principal component characteristic value and contribution rate
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Table 2. Correlation coefficient
2 2. HXREH
73 n,
g 1.0000 -0.0655
g -0.0655 1.0000
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