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Abstract

Earthquake prediction is mainly through observation and analysis of precursor data for a long
time. The underground fluid data, as an important part of precursory data, have a very sensitive
response to the process of birth and an earthquake precursor. By applying fractal theory to ana-
lyze underground fluid data, it can identify the abnormal of fluid data. This paper uses wavelet
method study on fractal feature of underground fluid data, and through phase space coefficient
distribution of underground fluid data, verifies fractal feature of precursor data self similarity.
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Figure 1. Comparison of data before and after Newton interpolation method treatment
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Figure 2. Analog signal mutation
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Figure 3. Haar wavelet decomposition and reconstruction of signal
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Figure 4. Db5 wavelet decomposition and reconstruction of signal
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