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Abstract

At present, the application scenarios of target detection algorithms are not flexible, and robots face
the problems of high computing and storage resources and low scalability when executing complex
problems. Aiming at the expansion of robot target detection, this paper proposes to use RDK-based
cloud service robots to achieve multi-scene target detection, and recognize multiple objects in the
environment based on YOLOv5 optimized target detection algorithm. Distributed deployment of
cloud robot services can improve resource utilization. By editing the blueprint calls the algorithm
model and actions based on Blender design, Smart Voice voice system can call the whole blueprint
event to complete data collection, target navigation, object recognition, robot movement and other
work, and achieve the goal of realizing basic service functions.
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Figure 1. Overall system architecture diagram
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Figure 2. Design drawing of data collection blueprint
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Figure 3. Blueprint of data collection
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Figure 4. Data acquisition results at the switch
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Figure 5. Design drawing of algorithm call blueprint
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Figure 6. YOLOV5 network structure diagram
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Figure 7. YOLOVS5 structure classification diagram
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Figure 8. Design drawing of algorithm implementation
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Figure 9. Design drawing of Blender action planning
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Figure 10. Coffee making plan
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Figure 11. Display diagram of navigation point setting at the switch
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