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Abstract

There are a lot of data that need to be reviewed for the identification of high-tech enterprises. In
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the process of declaration, enterprises often have abnormal data problems such as misfiling,
missing filling, data error and incomplete data, which affect the normal evaluation procedure of
high-tech enterprises. Based on the research and analysis of the existing data of the identification
system of high-tech enterprises in Guangdong Province, this paper proposes an anomaly detec-
tion model based on the gated recurrent neural network and the generative adversarial network.
The reported data anomaly detection model based on Generative Adversarial Network (GAN)
learns the distribution of normal samples by generating network G, and uses discriminant net-
work D to determine whether the reported data is “real”, so as to realize data anomaly detection.
The experiment is carried out on the data set of the identification of high-tech enterprises, and
the experimental results prove that the model proposed in this paper is superior to other mod-
els.
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Figure 1. GAN network architecture diagram
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Figure 3. Anomaly detection process
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Figure 5. Precision comparison diagram
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