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Abstract

In urban areas, buying a house is a common phenomenon; it associated microscopic exercise of buyers.
It reflects how people interact with social or physical environments and it also an important in-
vestment of everyone. Based on the geo-information mapping, research extracts the purchase time
and space information of each right holder through the unified real estate registration database
based on the natural resources monitoring and supervision system.Using the spatial density
hotspot detection, obtainthe hotspot regions of each point of houses purchasedby individual per-
son. The hotspotregions of different number of houses purchased reflects the affordability of dif-
ferent social level and certain economic level. From individual scale, the research formed social
spaces in Chengdu. The purchase behaviors form a unique social spatial structure that is constrained
and feedback from the natural environment, business environment, development strategy, etc.
This structure is affected by macro policies and individual behavior. This kind of macro and mi-
croscopic interaction provides new ideas and regulatory perspectives for future natural resources
monitoring and supervision. The interaction will also help to formulate the land and space planning.
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Figure 1. Schematic diagram of kernel density estimation model
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Figure 2. Density field hot spot detection model
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Figure 3. Geo-information mapping of generalized symmetric structure
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Table 1. Basic attributions of sets number of unified real estate registration data
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Figure 4. Density field diagram of sets data
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Figure 6. Spatial pattern of highest hot spots data in first sets data
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Figure 7. Spatial pattern of highest hot spots data in second sets data
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Figure 8. Spatial pattern of highest hot spots data in third sets data
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Figure 9. Spatial pattern of highest hot spots data in fourth sets data
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Figure 10. Spatial pattern of highest hot spots data in fifth sets data
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