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Abstract

With the development of economy and the improvement of people’s living standard, the film in-
dustry develops rapidly. It is necessary to study and forecast the influencing factors of film box of-
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fice to improve the quality of domestic films. At present, most scholars use the neural network
method to study the box office of films. The neural network method does not give the order of im-
portance of variables, and the prediction results are not robust enough. Based on the relevant data
of 225 domestic films from 2014 to 2018, this paper adopts the random forest method to establish
the box office prediction model. The main factors that influence the box office of domestic films in
China are the box office of the first weekend, the first day box office, baidu index, douban score
and the advance screenings box office. At the same time, this paper adopts linear regression model
and neural network model to establish the box office prediction model, and applies three methods
to predict the box office of 12 domestic films in 2019. The results show that the random forest is
more accurate and stable in the prediction of box office, and the prediction error of eight films
such as “Pegasus” and “Looking Up” is around 10%. The prediction error of neural network and
linear regression model is large.
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Figure 1. Random forest flow
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Figure 2. Order of importance of variables
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Figure 3. Line chart of box office predictions for 12 films in 2019
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