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Abstract

With the development of the economy, online shopping has gained widespread popularity in all
aspects. Due to its advantages such as convenience, speed, time and effort saving, and door-to-door
delivery, it is increasingly favored by people and has become an indispensable part of daily life.
With the improvement of people’s economic ability and consumption level, the demand for on-
line shopping experience is also increasing. At the same time, competition among major online
retail businesses has become increasingly fierce. In order to attract consumers’ attention and
increase product sales, some businesses have started to use “speculation” and “order” methods
such as selling, positive reviews, and negative reviews to maliciously promote products, in-
fringing on consumers’ rights and interests. To protect consumers’ right to know and choose,
this project uses a dataset provided by Inspur Zhuosu Company to analyze the reasons for ab-
normal products through a combination of quantitative and qualitative data mining analysis.
Mathematical modeling and machine learning methods are used to define some abnormal product
indicators, and these indicators are used to construct a model for finding and predicting ab-
normal products. The experimental results indicate that the model has good performance and
certain practicality.
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Table 3. Price index weight test grid
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Wet_comb_2 0.3 3 1 10 3 1 1
Wet _comb 3 0.4 4 1.5 11 5 0.8 0
Wet _comb_4 0.5 5 2 12 7 0.6 0.9
Wet_comb_5 0.6 6 2 13 9 0.4 0.8
Wet _comb_6 0.7 7 3 14 11 0.2 0.7
Wet_comb_7 0.8 8 35 15 13 0.1 0.6
Wet_comb_8 0.9 9 4 16 15 0.08 0.5
Wet_comb_9 1.0 10 4.5 17 17 0.06 0.4

Wet_comb_10 1.2 11 5 18 19 0.04 0.3
Table 4. Sales index weight test grid
= 4. HERFEN KW

o FEAR AL W, w, W, w, w, “ b
Wet comb_1 1 1 1 1 2 2 2
Wet_comb 2 0.8 0.8 1.2 2 2 5 6
Wet_comb_3 0.6 0.8 1.2 2 2 5 5
Wet_comb 4 0.4 0.6 0.8 4 2 4 4
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Wet_comb_6 0.2 0.2 0.6 6 3 3 1
Wet _comb_7 0.2 1 0.4 7 3 6 0.8
Wet_comb_8 1.2 1.2 0.2 8 4 7 0.6
Wet_comb_9 1.4 1.4 1.4 1.2 5 8 0.4

Wet_comb_10 1 1.6 1.6 1.4 5 9 0.2
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Figure 1. Price anomaly indicator weight recombination F1 value
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Figure 2. Sales exception index weight reorganization F1 value
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