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Abstract

Unsafe human behavior is the main cause of production safety accidents, in order to solve the
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problem that the traditional supervision method of unsafe behavior mainly relies on on-site su-
pervision, inspection and monitoring has great limitations, an intelligent monitoring and warning
system based on Huawei Ascend chip for unsafe behaviors of gas stations has been established,
which has take gas station as the scene, trained four target detection models, and realized three
kinds of intelligent monitoring and warning algorithms of unsafe behavior. The result showed that
the accuracy of each algorithm reaches more than 90%, which can better detect various unsafe
behaviors of gas stations and improve the safety management level of gas stations.
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Table 1. Unsafe behaviors and possible types of accidents at gas stations

F 1L R RET AR RSB EHEE

Fr5 ANEZEATHN T EAFAEIX K Q= Ghk i et
1 WA X KK RSE
2 LB ISR I, AL X FAIE . KRR BRAE
3 A 7 Eh ARk X e KRR BIE

DOI: 10.12677/jsst.2023.113003 24 ZRTHA


https://doi.org/10.12677/jsst.2023.113003
http://creativecommons.org/licenses/by/4.0/

RIE %

2.2. BEeHE XSS

22.1. J/KGHH

1) WRAR . it SEBRIA T v A Sk 2 e A B — e, AR TN AR H AR AN o I eI I H A
DRI, DU IR i/ HARDCR,  FHSIN AR, 7T DUSR s Al v 3, RIS Dk AR 26
B A ORI T 724 ll, FHIERRE R, — BRIk miE.

2) R, FIWOR ST, TR I A, SRS WA R R (L R Gt I S A T
AL R DN EA), PR AT AL R A7 B O AR T 2R 1 e

3) EMIM N G B o JE LA I E I T PRSI E AL R S TS, EN FHT T, RS I X AR
NDiHcE, AT 2 NWR H T,

MR BRI Ar, BRI AR Eh N R X 3 SR G AT ORI RO AR R A I U B
RN B R DL 4 KA . YOLO R A2 iy H AR SRA[12], AL
W F— A YOLO vb EATR R 25, FLEARBRARU, R RIS i, R A PRE e B
BRI -

2.2.2. BUREHNE

KO SR VR E LR BRI R AL BT R R b S bR R I RTIR N, A A S BRI DL A IEEL
WERNT: B MR LA I g B R, AR RARE T bei, BAhlEdRsE.

N EEAEAYE, A coco BELE, FFERERAE BN T 2 AN ik R A

B M 1 FERHR S — MU B IR AR AT AR, DRI IH 3 B3 v A RS, (SR I 2 R A A 5
PEAE R BRI S S L, RUEIE S TTEHRSE, JREARTER RS T Re T34 SO S B br, R KE
R 0K/ RN A A9 B 72 7 — s Y

EIH AN BTRE , BREE S B TRIEE, S R AN J el ) SE e o DX B AR Sk S
FUAL B N2 R AEARAK, DRSS e s B s 7 0 9ol 11 5080 4

FHAEERNNTE 2 FioR.

Table 2. Performance of various target detection models
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Table 3. Intelligent monitoring and early warning system equipment
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Figure 1. Architecture of the system network
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Table 4. Test results of the algorithm
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Figure 2. Partial video test results of the Ascend chip
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