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Abstract

Under the background of the new coronavirus pneumonia epidemic, investors’ attention to medi-
cal industry stocks has increased, and this paper studies whether the integration of affective fac-
tors will optimize the stock selection effect by adding affective factors representing investors’
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emotional tendencies to the stock factor pool. Firstly, the main stocks of the medical industry
chain are selected as the candidate stock pool, 241 factor data are extracted, the mRMR feature
screening algorithm is used for factor optimization, and a multi-factor stock selection model is
constructed after fusing the machine learning model according to the comparative prediction me-
thod of whether or not to add affective factors. By comparing the model results, this paper con-
firms that the model with affective factors has a higher prediction accuracy.
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Flgure 1. Model modeling flowchart
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Table 1. Candidate stocks of the medical industry chain
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Table 2. Ranking of factor importance
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Table 3. Prediction results of the model
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Figure 2. Model backtesting
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Table 4. The statistical indicators of the model
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