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Abstract

In recent years, with the research of smart grid by relevant participants and researchers, there are
still many directions worth studying in power dispatching optimization. This paper studies the
distributed algorithm of power dispatching in smart grid environment. In this paper, we first in-
troduce that the power dispatching optimization problem is a convex optimization problem, which
is mainly composed of three key factors, such as user utility function, power grid load and power
supply cost. From this, we propose a distributed algorithm based on alternating direction multip-
lier (alternation direction method of multipliers, ADMM), which uses historical information as the
influence factor to change the inequality constraint of the existing model into equality constraint.
In this algorithm, the coupling terms are separated and solved online in a distributed way, while
solving the problem, the proposed algorithm also effectively avoids the privacy disclosure prob-
lem in the process of information interaction in smart grid. Finally, the numerical experiment
shows that the algorithm has better performance and performance than the existing algorithm.
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Figure 1. Comparison of the two algorithms for the power consumption p, (t) of different users
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Figure 3. Comparison of the two algorithms on smooth grid load
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