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Abstract

The spatial stochastic frontier model ignores the nonlinear relationship between economic va-
riables, which limits its scope of use. This article constructs a non parametric dynamic spatial
stochastic frontier model and uses Bayesian methods to estimate the model. Numerical simulation
shows that multivariate B-splines have good fitting ability, and the estimation accuracy of the
model increases with the increase of sample size. The deviation of the variance of the invalidity
term is unstable.
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Table 1. Estimation accuracy results of nonparametric dynamic space stochastic frontier model
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Figure 1. Kernel density estimation plots of non-parametric models in Simulation 1 and Simulation 2
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