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Abstract

Time deposits have always been the main source of funds for the bank, and the telephone mar-
keting has become a low-cost marketing model, which is widely popular with the bank. Therefore,
how to improve the success rate of telemarketing has become an important problem to solve.
Among them, the factors that affect customers ordering deposits are complicated, which may have
multicollinearity. If banks indiscriminately use many influence factors to predict deposits, they
often cannot obtain good prediction effects, and even make the wrong decision. In the statistical
learning methods, the LASSO method can be used to estimate parameters and select variables, so
this paper presents a combination forecast method based on the LASSO and Support Vector Ma-
chine (SVM). At the same time, compared with SVM, neural network, LASSO-neural network me-
thods, we find that the effect of LASSO-SVM forecasting method is better than the other three kinds
of forecasting methods.
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1. 5]

HRAT A R 2R s PR A3, RS RIS T 2/3 Db ARATILSS Y R kAl R A
TR WERAF AR B, B Al SERAT AR LA IR B A eI 5t &, MR F /A
ByRE, WATHIEAAE. BT IR AT X EZ AR ZERAFIEM Z BN, FIZR R BTSN 5
ARSI ZER, ER UAFFONSERRIN,  RATSCE 2 473 BRAT A RES R DTN, SRIE 2
RZWN e WKL TIRASG, RAT I EAAERARK L E, JFRARIT 555 Dl 35 th A7
7, FE SRR E TR, 2R EAREER, AR A, b KR I A
AV, TN RAT R 2

€W HGEHAT AR N AR L EAF IR (A7 3K, ER AT R E BT SRR HRAT 3 Ak 32 2L
e RN, B BESPR. BIR R, AR THSEEN S R, AT
A REMH B H AR R NRAT IR S R AE A7 BGKIRSS it g . S AT BB IR E R 2
TR RSS2, IIZAS A BB, s 73R8 Ja (2 P A O BRAT AN B BI8 <ex ™ S 4t 1) Rl A
NRIENNHBAGIE . WS (G REEPE g%, SEAR NI T2 S NJR At 7R .
BT E AERFEASLINL S HEMEATIR T, AR Nt SR 2 7 RS, S EE LSS 1
K, REMZMY S5 208 F RS, BRARARAT B 524 0 [1].

WA AR, AL RAR. S E AT BRI AT S, 0L AT LRI 2 AT
e FEIEER A FTELOR, POHRRAME. MeRm. Ed)T IS, IR IR TR A .
EATBUR B AR, S RO AR AN O P VL AR 2R 0GR, MR R 4
MBI R 2% DUBUR R AT AR BB = AL B4R . F AT, AARAT A Bk 55 A B, (H
BT RS TBOCEATE Y, BHRIZIM IR AR, HAl R E s “KEER” 3315
BrEe R E IR R IR AR 2]

PR+ B0 15 S AR AT 0 T 42 ey FL T 7 B SR RS B 22 5 A R S R A R il AL

PAVRE, SRR R ENLUIT ST DU B E EM AR R R R AR, T DART UG 7517 T € 147
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RHEAT TR . (B SEM T I 5 A R SRR 2, SN R 38 2 [R) W] R A7 AE 2 LA, 2RAm
I ) NAR 22 5200 PN 22 K20 AT 5 AR I 0, AR AR AN BE A R AP I TR SCR o — AN BRAR RS ARY 3 1%
WA BREZ N HA R, WACESEAERWEEmR/N R, 25 NRE A KRN
o, Mo B TR TIIRS FE[3] -

EIR SR BT B RGE & b B R A AR G R EME AR, (HREARMAT R RILESE, MW
LASSO (The Least Absolute Shrinkage and Selection Operator) /7% a] LL R HE4T S 65 11 A As Bk %,
LASSO J5iEn] DLALHE 20 25404, FrbA, ARSCHRH 73T LASSO 5 3CRF [ L AT I € W47 5k 41 & Tl
Jiik. B SRR LASSO 751255 € WA R I RGN 3 EAT 1 4%, 5 B 5 e AE sk AN AR DG BORH SGMEAR /N i) A
AR, DOBR BB 4R B AR5 R SRR AL AR MEas S RE ), 38 P S e
BRI R, SERCN 8 WIAE R 3G RITRIN[4] o [FIR, FEBSCRem S AL LASSO 5 3 Rem s & 17
FRZE 2% LASSO 5 #1220 48 55 4 1) 7723 DU R 7 VE 40L& Il 2 R

2. IWEBINAR
2.1. LASSO 3%

LASSO 53272 Tibshirani (1996)4/ H f— i Fa4E 5325, A o A 38 o 445471 R 50K X PRI A e A R i B
Me /NI B AR B (B R R4 B 0, W] DA R R 2 B AL Z LI 500 .

ﬁT%%%ﬁ%%%%%%ﬁﬁﬂAﬁoﬁ%ﬂ%%ﬂﬁﬁﬁﬁﬁ@%%@ﬁ%ﬂ&iﬁ:&
i=1

1 . TN
Hin,?=1, A j=12,2,-,p . LASSO ffiitsE XA
i=1

Ié =arg min _Zn:(yi -5 _Zplxijﬁjj
i=1 j=1 (1)
st Y|B|<t
i

t RS, Ut TR/ SER L R EBE T N 0, P& SLT T A RIEF[5].
22. XREEWAZE

TENL B2 S A, S 3 & HL(Support Vector Machine, SVM) & — /N MBI G L a2 ST AL, i
W RBEATEEGR A B, PLE 2R 0T, SVM — B FITE 0 28R Il i L o AR 3 A 58 SOl A2 e
BN, s R re], —AFi ERWRAFM S, e H—%BE% 01?2 5P
FIRATATRETCVE LI, H R G S R R, R i 3 e s TR (b BRI A, AT W RE
TEF IS =D E IR E G IR BIXFE—FATEN “oBRLk” , XL S0 . SVM ML Z[6]: FATA
I AU B 4RSI, SRS TE RS AR R Bl — AN AR X L ST ) CRBEPI T, tatRiEid
— AL p, FERE A (R  3 AN i 4 TG AT 95 4E BORFE 2% 18] Hh (Hillbert 25 18]), {3 #4376 J5R BOFE
A 73 (8] R AR 2R AT o 1) ) A A R PR R IE 2% ) R R 2R T o ([ 7] e 2 =R LR AN T A0, B TRAT]
W FLNEHE Wb B BN w4 2 (A 2P AT /0 B SR “HBSPIH . ASRME—1, SRR EALTR Z1 2]
FIZ LR TH, FRBVEAF IR A 2 A R AN P TT eRS, FRATRI P = ISk VLR, RS
PAVE TR 2 240 DUSE X AT S, DRI ERAT 75 2 TR — 2 e 1) 7 SR 4845 B BRI (1) margin 5 5x
Ko FEXFRIEBL T IR JLAN S 2508k iU 5 support vector, Xt X N3 K514 TSR IE 8] -

b SCER B AL 7 ) 1 v 4 2 1) (R BISRT HH E2 AX BR A, SVML gl 2 T8 0 G B A% 1R AR il LA E L 6 72 [
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R MR TT A L, 3 P IR B8 BT L 4
1) PR (X, y) = X%y s

2) ZIABEEK (x,y)=[(x*y)+1]":
3) AR K (X, y)= exp(—|x - y|2/d2) ;
4) IR IZ R EK (x, y) =tanh(a(x* y)+b).
SCREF LR — AN 0 M R AR IR R, [RIE R AS ORI T R, AT A% B H
FRAE — A R A (LA E AR R BOR A AR AE), T NSRRI
min 2|l

subject to y; (X' 8+, ) -1>0

@

FEIARR AL & & i, BRAE BATBTE 70 FELE R ARG 70 2, TR AT 7 SRAS R UL A1 K
(R TR X L ity ok 1 AF AL, IR AR 50 2RI AN A4 1) X L f BT eI R 8l TRITTD AT A4S 31 58 KK J L AT (]
B (FERAE RS (K, 0 ISA TR o S ARBA T IR IX A 4 SR A Ak, A B 451 2K (cost) /it
PRI 453 2R b SR — AN BE AR H A BB R I X A BRI B H AR B, sl 2SR T 4,
JER AOARAL IR AZ B 1 T XA

min 1||ﬂ||2+/1§N:g,
ﬂﬁo 2 i=1 :

subject to , (xiTﬂJrﬂo)zl—gi, & 20

©)

SVM g Zo XA T3 ST R AL N — A ORI AL SR i BT FE .
2.3. LASSO-X #mEH 5

B 56 LASSO A5 & R HU /NS E TR 46 1 5 vE 2 B R AR s BN B AR 8, SRS 4 2 40
SRIG FAE CIRAE SyE S5 & LASSO FRIEIE R 7L A A A SVM ARAY, SR J5 FH ) S 0 PO A 28 S5 4K
FEAHEAT 43 25T
3. SCIES#R
3.1. BEEEN

AR B &R EH UCH Wik A 45 27 R AT AU I FELS S R e B m a5, W90 B 2t &
PR BT W ARAT i A A — AN To0m , DR b 3 2R B — A AR R, TIWIEA 1, RITIIE N 0. JF
HASHH 15 N EE MR E, 4 4521 MEAE ., SRR EBUETEE &5 g 1.
3.2. FHTEURE
3.2.1. RS

AT TR BARVEVGR, AT AR SCEHE AT W AR ST in N, Y RmNA R, Bl K
J R AT W ERAT i WA R

2 R B L EARTR BT R B A T I R B R R R AR BN T T S B R R REAR B R L
an: job HEIFELAERTX NI LL 5 82.15%, $& 11 WA 58 A7 2 PIRE AL 5 2 1T W e A7 R AR A ) L 28
job H 8 7E TAE Bt B2 #Y H B2 90.325%, $8 AN 1T T 52 HIAE SR I FEAS B0 5 ANV I 58 BAFE R IR AR B R LU R
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Table 1. Variable introduction
=1 TENAE

K Eyit) AR Rl B X
% (age) By 19 £ 87 %
TAE1E . (job) 3k 1: HEETAE; 0: HEIAE TAE
WS AR (marital) P 1. 04 0. HE
#UE F2 )% (education) 433 1 k2 0 K
%ﬁ%%)ﬂﬂié’ﬂ(default) kK 1. #E4); 0. RiFE4
FE 1 4% (balance) Bl —3313 % 71,188 kT
&5 F b 5 (housing) e 1. ARG 0. AR
REHAN NG (loan) 3k 1: AMNEH 00 WAEMNNIERK
E%f%ﬁiﬁ(contact) B 1. Bk, 0. HE
I —RER AR H i (day) ok 1: 1&E15H; 0: #E
Bl — IR R A R 7] (duration) HE 4 % 3025 b
%I H B £ Bk (campaign) A 1% 50 &
Table 2. Classification data sample size and proportion
F 2. PABHBHEAERLE
Y Y =yes Y =no
JEFIN=s AR Lt 5 (%) FEA & L 5 (%)
HBU7E TAE 4041 428 82.15 3613 90.325
job
H I ASTE TAE 480 93 17.85 387 9.675
gL 2797 277 53.17 2520 63
marital
He 1724 244 46.83 1480 37
K 1350 193 37.04 1157 28.925
education
He 3171 328 62.96 2843 71.075
bSi4) 76 9 1.73 67 1.675
default
ANy 4445 512 98.27 3933 98.325
IR 2559 220 4223 2339 58.475
housing
TR 1962 301 57.77 1661 41.525
EERING & 691 43 8.25 648 16.2
loan
T NGER 3830 478 91.95 3352 83.8
BE IR 2896 416 79.85 2480 62
contact
He 1625 105 20.15 1520 38
A 2174 261 50.1 1913 47.825
day
A 2347 260 49.9 2087 52.175
pai] 129 83 15.93 46 1.15
poutcome RN 980 63 12.09 917 22.925
ES ] 3412 375 71.98 3037 75
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A 2 [T B IA VERCE v U, VT S BRI A A8 & o 453 B B BH B KT AN 3T D BRI B o) v £
A5 3 L E 4 education. contact. loan. poutcome X JLANER R, i HHIX ) LANER AT W KT 5 15
ARKIRE, XN ERETARERNS X K%, BABEIERR. LA BXIE b 1T
BRI AR E R, MAFE PRGN T TR, TTIERRIhET R AR & (5 15 LG S AT R
T N ()75 e 7 43 bl 2 AN K, 0 B I S A S T )l ) TS 5 M 5 /N B p T 5000 1 DR PR A SR I
HKo

M 3 FTRLE H, X TR A (duration), 111 & HAF 3 R B AR B R] 38 220 K T AT 1 5 H3 A7 3K
(e RIS T IR, Ud B EC R I (R R S B AT 575, an ST I R T g B — 18, X FF & S
BRI&EULe DOATIREAT S T I TEAN— 28, AR PIE RIS Tl 2 A — 28, 6 F1Z000 H I R A IR
(campaign), T8-S5 EIEA KIIZEG, FERA TR R SIRECEE R T 1T S U 5E, Sk
RBBCHT 5 B EAT R XTIl — KB R FE 4 H Wi(pdays) KRG, 111 5E B4 3K 6 R H 2
KFAT W e H 3, RO RBER M H HHC -1, AT 2 IR REAR R 5 T 819, KELR
HREA TR 3368 AN, IXFE— @ FEFE LR 1 3ME, B DA T 5 1) J5 DR A4 5 (1 3548 FUB A 92 br
B W TFZIRIH 2 BT R B KB (previous), 1T 52 BAFE R IO SE B K T RTS8 A7k R I AE,
YL EH Z BT R BT M D) 5 TR 2 G 5o, 3R R 22 7 D R o) ) Pl RE PR K . 4359 4R %0 (balance) X
TP BRI KR 225, Ui XTI ) 5 5 2 A K.

3.2.2. SVM {28 5347

ACIA 4521 ANFEAE, HARINTIWRREARRER 521 4, REIITIERIAEAEA 4000 1>, M
A LAE M HOIEE B IR A S RS 5 AR ST TR AT A S R AR S 22 BEd R, 2o it
PRI 22 5600, it AE EAT 3005 0 W ) i SR P e o A SCR A BENLAE B JE 0, MR T
EERAT 2 BAE R IR AR B S T IR AR AR A B, B 521 /MREAS, SR8 )5 5 ROiT IARAT &
AT AR IRE AR A B — AT BRSSO 3 5 42 44T 0000 R0 4047

STEIE T LA W, BRTFEEFE RSN, HRAZENE T /R, B LAFRAT AT BUIE £
T Erm BRI =24 C-classification. nu-classification. one-classification. [FIff, BJ LLIEFE NI R
AV et (linear). £ 1 x0H% 6 B (polynomial) . 4% i) 4% bk 3 (radial basis, RBF)FI1#1Z: %%
¥ i E(sigmoid) . AT AR iZR AT BEEE SZ T A AT R ALY, el LU ARG H A0 2 SR AR AR AL [9] . AR
P LR dr, R R SEILA TR A 12 A, BAMEEBYERG R — AN TR B, BATRT DAE 2858
TR R AN FRATTT AR 1 A T30 5 5Pk th T 8 i e 2> ) — LAY, AR 5 AR SRR 1% 100
BT R AT, BZPUE HIE G AU AL B 1R

M 4 R R FN 45 ST LA Y, IR one-classification 77 2070 16 SR BUAR Rk R K075 L ) 45 SR

Table 3. Mean value of numerical data
% 3. BERHIENE

Y Y =yes Y =no
duration Tk 2 ] 263.96 522.74 226.35
campaign FEICN/ €1 2.79 2.27 2.86
pdays I —IRIR RIS H e 39.767 68.64 36.01
previous TR AR IR 0.54 1.09 0.47
balance FERRE 1422.66 1571.956 1403.21
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#RAEH 2, FrLAAT LA 207 AN IE A IX R R0 . 18 one-classification 77 AT A, K
PIEFEAE O N — A SERIMRRE, B A E A TR e AR SR TIX .

LS A AT R, TT LR IR nu-classification J7 2 I 4 SRR (il % o6 S0 1 45 SRt
RESAEX D, B AT LA %07 s BOE A X SRR A B A 5. R nu-classification 5472 [F) 3 4% e
G WAL R D, BRATAT DA EBEERIX M E N e A . A AR i Tt 25 S
%5 P

H 5 TS RAT LLE H, 7E 1042 MFEART, SEBRJE T AT (no) 4 521 4>, i B 5E 45 SR w] A
FEih, 521 MEAA 454 NHE IR, 67 MMEHINTTIE(yes). PN A 454, 429 MEAME IER 4
XK, HAATIEHIEF > BFEARZ . HIEH KPR E S 883 />, 1EHZ NI ] L v+ 515 21,
883/1042 = 0.8474. K5 Ay 429/(429 + 67) = 0.8649, 7 A1)y 429/(429 + 92) = 0.8234.

3.2.3. LASSO-SVM =& 5347

fEig ] LASSO J7i AR Sk #2015 et Bm dAT bR AL B, DAHBRAS 4R bR &N . R R
BAE Glmnet #2740, SR 10 #7238 IR E % H (¥14E 1 244 lambda = 0.009163099 #E{T A Bk, #*
6 Ak FIAS B R E. H age (FF#%)~ job (F& 75 L1E). marital (S54RIRML)~ education (& 7KF). balance
(FE¥IAH). housing (R EA BT, loan (BHEAMASERK).  contact (R R). day (Bt — kI & IK
H#7). duration (3T —KEEZR HIFFSEF 1)) campaign (50 H BBk 2 S0k 80 pdays (Bl — K IBE R BE 4
FIH%0. poutcomel (ZBIEH9IH K45 R —— “HIh” WEAF ). poutcome2 (2 BiEA4I0 H K45 R ——
CORW WEAREY), X L2 i H R AR AR SRR R T T I T AT K SR LR 1

A3 5 poutcomel F R EEA, ULBHZ BB AT H 945 XX VT I & BTk i 45 SRS IR s job Y
RECHH, B EATAE TAEME 5T e I, BN H BTAE TAERA R Z AR, ifi]e

Table 4. Corresponding prediction results
= 4. HHEMTUNLE R

Linear Polynomial Radial sigmoid
C-classification 222 187 165 305
nu-classification 219 162 159 305
One-classification 609 555 519 521

Table 5. Optimal model prediction results
5. RINUEETUNER

LI yes HSE no
TiMIME yes 429 67
TIMIE no 92 454
Table 6. Coefficient of model
6. RERY
intercept —1.5987 balance —0.00094 duration 0.00532
age 0.00187 housing —0.6684 campaign -0.1104
job —-0.06645 loan —-0.9909 pdays -0.001127
education 0.6987 day -0.0112 poutcome?2 0.893
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ARG T ORRE H ORI AEARTE . housing [ RECRS, ULIAEA b3 ORI EE b e IAE K day I RECH
B, ULEAREAS BN H G e i, RIRIRZ ARl#E R PR TE, R ARG sk, BroiR
Z Nk #5 T ¢ H e k.

TRYE LASSO & AR B AT SVM LS, % R E 1k £ 22 5 i 35 SRR IR AL 70 0P8, A Tid 4%
T SCHESI 0 VU H WA eRESORT 3 b S 3 ) B 43 SRR A JE 12 AN 43 SRR, /NS R P Tt i 1 A AN 3
Wk 7.

MF 7 ATLLEH, 20T LASSO ek )5, MRATINERIEAZCE BT %, W& LASSO & &
TR 5 AR T R R b vy o AR BB T 45 SR v U, R one-classification 75 =070 14 K B Fif
R I RAERE AR 2, XA S R IE PR TN 45 R —A .

dkaE e e A2 50, AT LR BRI nu-classification 5522 17 A% R 30 ah & IO RS ) ) A5 B
b, BATA] DL E S BRI MR A E N B AR . R A A H A TRl 45 SR Gn & 8 P .

28 1 AR B PSS AN VT T BAAE R A T A e AN S A 22, 3T I A R (PO AN o TN T e 1) R
HEIn—A~, UEHTIE R H R AR B AT I A 2 R . AN SR 20 il G 434, 473 MFEARSE B
o338, HA AT IRE IR 7 R AR 2 . HAER - RIFE AR 907 AN, IERAZ AT DU o A5 3,
907/1042 = 0.8704. M N 434/(434 + 48) = 0.9004, #1815y 434/(434 + 87) = 0.8330.

3.3. Z5RHH

N T HEIEMIE H LASSO s AR, AR T A M 2% (Neural Networks, {54 NN)FI
LASSO-NN HAL o i % A [ Y (1 i 25 A e, DR A% %2 LASSO-svm J7i2: 1SRl . i
DU T 250 R — MO AR A T AE A R LR, JER PR RORE & 38— S R e bRl
S8 JRAF R A TIOI TE A s B 2SR 2R N SEBR AN TT I 5 A7 2 R T T o 3k DO RS 2R (1 F0 &85 S B A
W 9 AR,

MF 9 ATLE Y, TEitsE SVM b & NN AL, 258 LASSO A5 % £ A0 3 ) T 255 R 0 B -1 Ak
AT T BCR . B AARUL, LASSO-SVM BRI AR B, AN A e RO Ve fff 2 0 2 B — SR UE A B SR
TR R AR A 1, FLER — S HER 2Ry 83.30%, 55 R UEA Z A 2 90.79%, e TN HER 2K K 87.04%.
FLUHE SYM BERL, FLEE —RANEE —2RUER R 705l v 82.34%. 87.14%, S TNIHERG N 84.74%. 1 734k
PR AR R R, R — 2R UERA R /3 N 78.69%. 82.92%, 5 T RUERAER >IN 82.73%. 82.92%,
T PR R R g e TR R R .20 )l 80.71% . 83.88%,  HIAIK T+ iy o A Y ) T v ff %

Table 7. Corresponding prediction results
= 7. HHEMTUNLE R

Linear Polynomial Radial Sigmoid
C-classification 203 153 145 329
nu-classification 206 135 146 308
One-classification 846 527 521 523

Table 8. Optimal model prediction results
= 8. RMEBETNLS

FLSEAH yes HSE{E no
TRIE yes 434 48
TiM{E no 87 473
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Table 9. The results of prediction of four models

9. MFPEBHTFUNEER

ST TR A 2R AU e SRR
SVM 883/1042(84.74%) 429/521(82.34%) 454/521(87.14%)
LASSO-SVM 907/1041(87.04%) 434/521(83.30%) 473/521(90.79%)
NN 841/1042(80.71%) 410/521(78.69%) 431/521(82.73%)
LASSO-NN 864/1042(83.88%) 432/521(82.92%) 432/521(82.92%)

Y LASSO ARk )5, HAMHIMER R 1. (ARTRENEMSE LA BREEFE)E
(A 228 o0 2 TN ORI T SVM TN BOR »

4, g5ig

FEXS e —FESLBEAT BT, FRESI AR 2 R Bk ZIE E, (AR A IEEEM 5N 24 &8k T
T, AR RGO . XEF RS 2 5 N MR S S8 Yo" f “ABBIE”,
fEF T E A, A THRI TR 2 R Al £ —SE 00N, A5 5 B N BdE AU & 51,
T SR S A B O £ SR () R AR LA, I A0 2 i R B P WSO AR N 1) 9% FE A
B R . AT R, VRE ST S MRS 2 2 TV RO 2 S R Ge v g ik i SR ARG B AT TR 1 %
AT RAE G BEAL B, 18 2 AR BE SR 4 20 H s 2 5 NS 5 2 7 V2 n R B 5 (1 0 £ 3547 10,
PATFT R BTG E . ASCET BIR AR, 481 T —FEET LASSO-SVM [Tl /7. 5 SVM,
LASSO-SVM A HHZE 2% . LASSO-#ZE W 4% 7512 1400 5 T BORBEAT LLAL,  BIE 1 1% 7792 1A Rt A0 11
U YHE Tff R 25 o R A [10] 0 ASHIF AR I LB A

H—, WRAEASCATHEAE TR, 1T A AR AR B R 2 5 SRR AR 819, U BHARAT RS E AT
T 2 A7 3 T HE R N

B, IWHERPEGL T A 45 SR VT I R BTt . A8 B o 15 L B SR T AN UT T R B X R g A
B HHHEMF education, contact. loan. poutcome X JLAME &, LI SR EXF T AR5 75724
BORMgem, X JUNMEEMUERNS X K%, BaHIEHR . BN ERIE B T3 19 %
D= AR E R, AF &SP Ol. BRATEHAT RSB AT L2 WX U TSRS, s, B
NG EUCE R WS AT R B LR R R HERE

¥=, TwRETTEERFEREAL S L EERFMBA, XE WEFR A —ERTEe 7. (HMNE
BRI EE R, JRAA IR 400 LASSO A8 & ik £ 5 M T AR A L AR B4 T AN 22 0 4 B e 13 PR A B ot
RO, XMIGUE T2 AR EIE R, BEMR O BRI TY i N\ AR Hi0k B AR B 2548, AT B2 i A 284 (1 F )
ROk

F0U, TRAEANLEARF ) LASSO A i 1, L 48 5 ik Tl (O HERF 2 M MAOR B BUR T SVM A
AP HMAERZR, B SVM B IE & T iZEdE . POMZEdE R R AR 2 &8s, SVM g4
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