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Abstract

This study conducted a systematic prediction of banana wholesale prices by integrating the XGBoost
model with historical price data from major wholesale markets and relevant meteorological fac-
tors. The predictive accuracy of the model was significantly improved through parameter optimi-
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zation and tree-based feature selection methods. The results confirmed that meteorological fac-
tors have a significant impact on banana prices, further validating our hypothesis. Therefore, the
model provides accurate reference information for market participants, helping to make more pre-
cise price predictions. Future research directions include more in-depth feature engineering op-
timization, and exploring other factors that may affect banana prices, with the aim of further im-
proving the predictive model's performance and applicability.
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