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Abstract

User behavior in network browsing as implicit feedback information implies the interests and
preferences. This information can reduce the cognitive burden for user to get personalized infor-
mation or services. It is also the basic data of personalized information recommendation. Based on
regression and SVD theory, this paper proposes a method of sentiment preference discrimination
based on user implicit feedback behavior. It includes coarse-grained mining and fine-grained
mining methods. Based on the user behavior dimension, the category dimension of web content is
added. It increases the accuracy of sentiment preference coarse-grained mining. At the same time,
the user potential factor and the latent factor implicit behavior matrix are studied. The
fine-grained preference discriminant model of users is obtained. Experiments show that the pro-
posed method is effective to distinguish the user preference information.
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Figure 1. Implicit feedback sentiment preference computing model
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Figure 2. Residuals of linear regression fitting data
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Figure 3. Discriminant distinguish ability of coarse-grained preference for different types of web contents
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Figure 4. Fine grained user preference discrimination
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