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Abstract

When using Support Vector Machine (SVM) to training classification model, we may encounter ad-
ditional information in training samples. Because it will seriously affect classification accuracy of
test samples, it really can’t be ignored. In this paper, a SVM model based on privilege information
is proposed, which contains many cases of privilege information and can solve many kinds of dis-
tribution problems effectively. This paper first described the basic principles of SVM classification,
and then it introduced the concept of privilege information. Next this paper proposed a SVM model
based on privilege information and gave its special cases. Then, the application of SVM model
based on privilege information was introduced. Finally, the existing problems and the develop-
ment direction of this research were summarized.
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