Advances in Applied Mathematics N %2238, 2022, 11(6), 3903-3908 Hans )0
Published Online June 2022 in Hans. http://www.hanspub.org/journal/aam
https://doi.org/10.12677/aam.2022.116417

ETHHBRRESRFEZNEEER
v

&4Km, i
TR, R

Woks . 20224F5 5270 FHER: 20224F6 190 &4 HI: 20224F6H28H

HE

WA KRR (S B RN G BB N EZ s, AT RS IRERER AT ARE, RET —MEE
AR AGRAR R B KR E A A 2 F7 %, B M SRR 8 R R R B E IR E X AT
&l BIRGRRY, AXHEEER, HERHEOHARKBERSE.

X in

FESE, MR, BRRESE

Segmentation of Cohesive Rock Based
on Improved Superpixel Segmentation
Algorithm

Chengyang Li, Jianqi Shen

University of Shanghai for Science and Technology, Shanghai

Received: May 27", 2022; accepted: Jun. 19", 2022; published: Jun. 28", 2022

Abstract

Particle size information of crushed mineral is one of the main factors for optimal control in miner-
al processing. In order to measure the particle size of mineral quickly and accurately, an adhesive
rock segmentation method combining concave detection and super-pixel segmentation is proposed.
The number of concave points is used to determine the number of super-pixel blocks to segment
the adhesive area directly. The results show that the proposed algorithm is faster and more accu-
rate than traditional superpixel segmentation.
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Figure 1. Schematic diagram of the concave cri-
terion
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Figure 2. Comparison of different segmentation methods
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Table 1. Time-consuming comparison of the three image segmentation algorithms
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