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Abstract

Orientation estimation aims to compute the orientation angles of multi-dimensional signals and
can be applied to many basic tasks in image processing and computer vision. In this paper, a short
review of existing methods for estimating local orientation tensors has been given and error
comparison was done to facilitate further research work and to design more accurate orientation
estimation methods.
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Table 1. The error comparison of some orientation estimation methods
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Figure 1. The estimation error histogram of each orientation estimation
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Figure 2. The estimation error change curve of each orientation
estimation method
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