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Abstract
The structure and function of the brain are complicated due to a large number of neurons or the
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topology of clusters of neurons in the white matter network system, which plays a key role in the
information transmission between brain regions. Compared with functional and efficiency net-
work, structural network is mainly based on the structural connection of nerve fibers as the basis
of brain cognition. Therefore, the brain structure network based on the diffusion tensor imaging
data is still the focus of scholars' research. At present, the related research on the network of brain
white matter can assist the prediction and diagnosis of many brain diseases to some extent. In this
paper, we review the recent research and achievements of DTI and fiber tracking technology in
the construction of human brain white matter structural networks, and look forward to the new
research areas in this field.
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