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Abstract

The retrieval and recognition of a specific pedestrian is called person re-identification, which has
been an important topic in the field of computer vision. Since images captured in surveillance are often
involved scale variation, rotation, occlusions and changing illumination, person re-identification re-
mains very challenging. Current research mainly focuses on three aspects: robust feature repre-
sentations, metric learning and re-Ranking. In this paper, we mainly focus on the history and re-
lated works of person re-identification and give the further work of this task.
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L1. fTAEHIARER

=k, WEELTT ARG 108 H K, AREAFKFEE TR . SIEFE
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Figure 1. The dataset of person re-identification task
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)5 F% B J5 Bl (Histogram of Oriented Gradients, HOG). R AAFREAIE A #(Scale Invariant Feature Transform,
SIFT) &5 45 K B VR B 2 =) B SR IR R AE
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I ERERSE I . RRIE R IE AT N E IR o) A AR, TR, KR HRHIE SR A
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FIRFES IR FE, ORI 2 B TR B2 2 O RHAE SR T R B R B 4 th

G F TR AHHRMEE S LU 884038 SDALF(Symmetry-driven Accumulation of Local Features),
Hi Farenzena %5 AN[2]#HH. 1E& 15 %X 45 € AT NG BHT AT G 50081, A R 2 BR 1 SO R IES
I sZm, SRIGHERTSAT N N BANER 3, BRSPS A SR ORI (4 BT B L e KRR E B X I A =
FEEMPURHIE,  FHRE JG RHEAE AT N BIRHIE R

Zheng %5 N [315E%0H47 N v 73 AR Gabor SCHAHEAN HSV BREVRHIE, FH8H 2 R B InALR-& 1 77
EHATAT NFFIERIE, X 2 FAER & 77 AT NRFIE RS T AT N AR5 AR 2 A .

Kuo 25 A\[4]#2H 1 B I8(Color Name)t) 775, KAk UAT N E P o BAR A el (1, & 18
11 FrEEARBIE(Color Bin)RE/RFEAIL, 1947 AEAFEDGRE T FIRHEE a1 &tk FEmEkit—
SR 3 A AR, PR AN AR, SRR R IR MR R WU B 4ERRRE IR R, PR SR
MU ARFEREAT AL B, DABR/INE R, S R AR AN IR 25T AR R R R AT N RN Dy 1 39 SRR AE 1) B
B, (EEAMH T AN ERERNS J7iE, R ST BU 5 R G st B R T R/NIRCGE, DL
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FRALSE B BILFTH) Liao 48 A[5]7E 2015 £ CVPR b A$EH T LOMO(Local Maximal Occurrence Re-
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FESRIBURFAE R T AN 75 B0 RURT 5 55, DRI ARR e S H A e 75 2 F) I ) KR

FHEE T TR ARMIE R BE % SIS U R AE BT SR AF I B bt , I SSARIR 2 B TR FE 5 S AT N
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He %5 A\ [6]42 Hi 48 FH 75 (8] & 35 (Spatial Pyramid) 25 FR FEHUFEARRAE, X T AR R ERZE, 2—R
FERI BRI W 28 450 2 S BUN UEVMARFEA S Bk, O 7k Bk ia @, fEZfEMZE i 765
B g5, RRHIE ] (Feature Map){ FH A [ RBE FTBALBEAR ,  DLE R Fok 1] 2.

Simonyan 2 A\ [7]#&H T E BRGNP MZ%, 1 i IR W g Sk A R (3 & e /o, LA
B IME BRI IE R . FHHAH 33 BREA 55 BAZ, HCLRBUE NS RAE, [FA R T
PR 28 FRT IR

Zheng 5 N [S]4& H A 2R A BARSH 2 I 2RSS HUT NRHIE, & 4047 NG BN [F IFEARRT, &
AR AR I 26, 43 AR BT NARFAE, X5 T3 BUAT NRHE, A3 [ 58 240 1) 453 2% (Verification Loss)
H153 245 2% (Classification Loss) 2= i B 2 Il 25, For 40k FRFURFE AT 2 B8 T — N, 7286
5 F SR FIUINAE A P Je& 2 )«

Lin % AN [9132 H i AT N B TS BG4 R B M 4 )11 ko A 1 Se RS 46 LARiE TAT
NIEHEAS S, BE S AR AT N R R Z NS I 2RI Zrid 72 (8 ResNet50 W28 AE A ARFAEAR
B, I HATRAT AN S0 BAT N YEE BRI JIZRM 4, DUHCRIRIUE & # 147 NFFIER IS, %
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Liu & A[10]88 H— MR FEREAY, H T A B A N AR 51 V3 1 S fd F B AR 22 I 2% 2 HiY
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TEAE G UL 7 RS, AR R IREE R, RISFr FIRE RS . RRCFE 25 nT DL /E E4T BR
5 R B IO AREAE 2 1) () B A E R T AH [RIRCEE, AR R P R & 7 v FHEAT N E R A h AR IR A ERAR, B
ZARAGCRAE TR BN R — AT NE U, AR 2 AN [F) A BRI e MOG R S8 138k, AU FH R QR B A
AR I X A AR AT N, DR GAR 22 B HAth 22 ) 7 iE gl A o

Weinberger 25 A\ [11]F 2006 G52 H T 3T K [0] BT 41 A1) B 5 2% 3] 895 (Large Margin Nearest Neighbor,
LMNN). ZEIEEAT AN (x)s SZAT AR S E A (x;)s 5127 AR RE R (o)A X,
K e — A~ = Jn 4 R (xl.,xj,xk) , Hrp (xl.,xj) JETMFEZEAL (x,x,) BT AR IHESRAM R SHIFEA
IR R R T RERIE, ANESEAIFEA R B R A BR A, I HAS FIREA B P B S LU AR [ R AR B K. AF
F {8 H hinge H 2 gnfith I LIRS AE, B I AR B — AN R AL ), BRI R AR, S RO
V2 S %7 E AT 7 A R .

Kostinger 28 A[12]#2H T KISSME(Keep It Simple and Straightforward Metric) 5 & %% 3 83k, % 5418
X BT Z W AAT N2 B, AEE DA RIAT N A 8] BRI 2 18] () ZEAE 53 AT 145 & s BT 40 AT
HVAE A7 NRREARFE Z A Z21E Ax, = x, —x, FEBIENE, BT ERN Y, Mo fi; [, AFEAT
NZEREARFEZME Ax, |, = x, —x, MFFEX —HHE, MRV EN T ZHE N L, e fi. @il i5
PR A 2 (B AR LS A AR AR ZE L AR, B LR (odds), FEXTJLERBONHL, AT LA IIURE 2 [a] (1) 25 25 m] A
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AR E R f#: KISSME JUI AT LASRAG P AR, SR RE n] DAY £ K E i 5t fa], Rtk KISSME &
E S H R
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I8, VEE & SR L 4T 3 43 4 BT (Principal Component Analysis, PCA)R&4E, 0 B4 f5 B IEAT
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TE PR AR HR AR B AN 11 i) R
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ARG RAE I IE AOREARXT (51, 1% 0715 B S B R R

Chen S A[16]3EH T VU e B R REH TAT NE B, 80K R0 ol saE oA, 7522005k
Bl s U e, 8 746 s A A (Anchor), FE SR HH AR B A P(Positive), FHES s AN [ AR 25
I 7 N1 (Negative). N2 (Negative), H N1. N2 #a25 A\ PUTCZHB R HE T AR S AR Z 8 1)
PRESLAITL, ] DL B SR R 2 1] o

3) ETHRFMMARITIE
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AT VERHHE P SR AT T, IR A R, 9 n 11 48 ¢ RAEA AL G REUA
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Garcia %5 N[ 183 7 —FhIF W B A7 B HE P (Post Ranking) i 7772, PU# vk BT HE80 1T S S0 HE 34 1
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FPo ZAREE EME R SCHEP AT R R HE TR A, B — SR .
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FEQUR N 133 T BRI
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FIEAAAN B A SR Z B AR A A e, BRIV 2 B A e i 40 B A ) 3R I8 1% AT A

3. B4
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ST SR TR S BIR, 25 AN = a R R T A AT N EE AR A e A A, AT B R B A
P55 e HETAT N BRI R AR BAAPLEAT AR AP 5 SRR P LA S5 31T, BLAAROR
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R, FRVRA AT R E

FERFESR N . B &2 S MHE PO R Al b, AT NE USRI FUE NAZ 4SS & KPR 3 5, A
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1) ARG RIS, TR RAREI R, LR SR B B AT S A7 AR
PR I EA LS A EAE BT (08 F R LR U iR i Rl gk o, DU TSR
brdz s

2) REHAT NE R SR B 25, i EREN LIRS . WA RER B RN+
77, ZT AR B T AT AT N B B TR AR —Rlka 3, 1M SN & S PR R

3) T SEPRIp RN ARNE, SEERR AR 7 BRI WA BRERFRIN AT BRI, AR IR St
NS AT ER B AT N FEARBIAE 7] S P sz S L 22 22 B
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