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Abstract

Hierarchical classification method is a method to obtain classification rules by mining spatial data
information, and vegetation coverage is an important parameter to characterize surface vegeta-
tion coverage. In this paper, based on the 2017 Landsat OLI image data of Qingdao city, land cover
in the study area was classified and studied by stratified classification method. First of all, by
making the necessary data preprocessing, the spectral characteristics of the image in the study
area are analyzed and the image of NDVI, NDWI, NDBI index are calculated, and by using the strati-
fied classification method we classify the land use in the research area. According to the results of
land use classification and vegetation coverage inversion in the study area, it is advantageous to
the planning of land utilization in Qingdao form, and it is of great importance to protect and im-
prove the ecological environment of Qingdao and to plan the direction of urban development
scientifically and reasonably.
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Figure 1. Basic principles of decision tree classification algorithm
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Figure 2. Hierarchical classification map
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Figure 3. Land use classification results map
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Figure 4. Vegetation coverage inversion results map
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