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Abstract

With the rapid development of online payment in China, online credit platforms are emerging in
daily life. However, high-quality customer sources are crucial to the development of online credit
platforms. This article analyzes and mines the data of an online credit platform. Firstly, the clus-
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tering analysis of customer value is carried out from customer loan characteristic data, and the
corresponding decision is given for the developing customer. Secondly, according to the type of loan
data of customers, the level of customers is reevaluated, and the direction of improving the quality
and quantity of platform users is pointed out. Finally, using the information of the certified custom-
ers, the relationship between the preferred authentication methods of the certified customers and
the attributes of the customers is studied, and the authentication methods are recommended ac-
cording to the preferences of the customers to improve the certification rate of the customers, so as
to increase the stability of the customer source. The objective is to increase the customer’s authen-
tication rate and the stability of the customer source. In summary, this article conducts research in
three aspects above, which is significant to the development of online credit platforms.
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Figure 1. Abnormal data identification on historical successful borrowing counts T
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Figure 2. Abnormal data identification on historical successful borrowing amount A
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Figure 3. Abnormal data identification on total outstanding principal P
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Figure 4. Abnormal data identification on historical normal repayment periods N
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Figure 5. Customer clustering results
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Figure 6. Radar chart of customer group characteristics analysis
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Figure 8. Radar chart of customer group 2 characteristic
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Figure 9. Radar chart of customer group 3 characteristic
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Figure 10. Radar chart of customer group 4 characteristic
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Figure 11. Initial rating distribution
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Figure 12. Distribution of ratings for different customer types
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Table 3. Table of the number of people of different types and ratings
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Figure 13. Distribution ratio of each rating for each loan type
13. BMEGRAB L MTR S HELHIE

3.3. HETFR S

33.1. B kiEEFHER

W& IR GBI 2, & AT B s SO B SRR b, T 7 AT ik
PLTE TAPNO #5784y 5 MEFHEAME R G A0, IR . (R %63k 8 ANMRRAEH . Rk, FIFIX 8 ANMFRE
HR AL EN[B]M 73, W TR 2 P 16 24 i A B PP

(5] U2 i T N\ A e S i A 2 TR G R AR . R AN — A AR EMEE R
() (9 2 1 O R AT A, SR S Bt ) 5 2R M D7 R 0 (0 i S ik 22 P O R/, bR AR, H
H, 9 REMERIAEL N R BSH:

3.3.2. LEEIERER ST
FRHE R A4, Bl 4E th TAPNO AA [ 5 MFHIEFME RS, R . E3RR . VI TF

pred——test O Ytest -O- Y pred

[ i i I I
I\ \
|| |

ﬂ\ ,MW\,, m
el

i

w
o

Ul
| Il L

30 32 34 36 38 40 42 44 46 48 S0 52 54 S6 S8 60 62 64 66 68 70 72 74 76 78 80 82 84 86 88 S0 92 94 9% 98

Figure 14. Comparison of current and initial rating (partial)
B 14. HENTRSHIATFRITLLE(ERS)

DOI: 10.12677/hjdm.2021.113015 175 EAGIEEraE


https://doi.org/10.12677/hjdm.2021.113015

SRR

i, BENLIZERCEE SR 80% NI R Bt g, 45 TORFI N ZREHE RN ZRE VL BIA R [9], 2 )5 RIS
A Bt AT B, e A5 B AT B PP S AT ITRGON L (18] 14, RJRIRERAY)

3.4. BREGREBNLEITTR S

AR TIN5 2 ) B3N 2 7 (0 2 AT PP, e TP 5 AN R A DR R h B AN PP I R, F iR
AR VEHANBAEIZRAR P P B DLk 4).

Table 4. Table of the number of people of different types and ratings after prediction
F 4. FNETRLBEEMFRHIAKIBERE

i
£ CS T A B ¢ P : F
L7 181 475 103 7 2 9
g (0.233) (0.611) (0.133) (0.009) (0.003) (0.012)
W#5E 1904 8555 33697 23562 342 71
= (0.028) (0.126) (0.495) (0.346) (0.005) (0.001)
HAh 2152 7268 49464 30281 1176 18
s (0.024) (0.080) (0.547) (0.326) (0.013) (0.000)
I APP 4486 14143 30078 32305 420 0
(0.055) (0.174) (0.369) (0.397) (0.005) (0.000)

MR BRI Th B A T PP AT S BB, TR SRR BRI 2 i PR A1 L B (4 15),
LN ASIE RV OF

1) BEER AT ONRISEIN, R R A RT M E VPR R, A B A1 C SEZR B SR, W
BRIl VIRl

2) INHLAPP Z P RFRIMMEAS K E 7 20 A fE C M1 D 484, SR, A1l D S gmferiEs, iy
VISR 20 FrA, BIXT AL APP 20 P AT M B VRS i, il dn, 38 I T S K a9 S 9
i, W ZE PR TS OSBRI RNE AR R MR BCE AR, B, ME{E DT
B0l A L PR A 4

3) W REPHIAGTERAE E SR 10 D SEdle, Ui UIREE R T AR T AR % R

4) HAbE IS YL SR ARTT .

0.7

0.6

0.5

0.4

0.3

— i — -Hofth ——[AHAPP

Figure 15. Distribution ratio of current ratings for each loan type
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Figure 19. Distribution of people aged 36~46
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