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Abstract

Freight volume forecasting is an important part of the reasonable logistics planning. In this paper,
a historical freight volume of A company is regarded as research data, mainly basing on the trend
extrapolation method and the seasonal decomposition method, establishing a single model and a
combination model. Discussion on the time series of short-term forecasting is a direct curve or
“remove” seasonal before fitting. For the trend model, there are two choices: One is polynomial
model; another is Logistic model. While assuming the influence of monthly seasonal factors is same.
We could build four predictive models ultimately, compare the goodness of fitting, then chose the
best one. The result demonstrates that the combination model is better than the single model.
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Figure 2. Polynomial model fitting
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Table 1. Polynomial model aggregation and parameter test
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Table 2. Model goodness of different K
7z 2. NE K EREEHEE

K

3,500,000 3,600,000 3,700,000 3,750,000 3,800,000 3,900,000

RZ

0.66 0.669 0.671 0.67 0.67 0.669

O,



DYk, JileT

SERO1_SA SERO1_SF
3,000,000 1.3
2,750,000 1.24
2,500,000 - 114
2,250,000 1.0 4
2,000,000 0.9
1,750,000 - 0.84
1,500,000 - 0.74
1,250,000 -| 0.6 |
1'000'000"\"\“\“\“\“\“\“\“\“\“\“ 0.5 T T T T T T T T T T
| ] 1] v | Il 1] v | 1] 1] v ] mn \Y | Il 1} v | ] mn v
2009 2010 2011 2009 2010 2011
SER01_TC SERO1_IR
2,800,000 1.8
2,600,000 |
1.6
2,400,000
1.4
2,200,000
2,000,000 | 1.2
1,800,000 |
1.0 4
1,600,000 -
0.8
1,400,000 |
1'200’000 r-r~rrrrrr...rrrr-rrr-r-r-o-r -+ r 1 T 0.6 T T T T T T LI T T T
] 1L} \2 | [} mn \2 | [} 1 v 1} n [\ | L} mn [\ I 1} mn v
2009 2010 2011 2009 2010 2011
Figure 3. Sequence after seasonal decomposition of freight volume
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Table 4. Model goodness of different K of SER01_TC
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R 0.938 0.953 0.958 0.959 0.960 0.960 0.960

Table 5. Seasonal factors of each model
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