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Abstract

Product attribute weight indicates the importance consumers attach to attributes, and is the basis
for consumers to select products and businesses to optimize products. However, the current me-
thod of determining attribute weight based on online reviews has the disadvantages of subjectivi-
ty and easy deviation of results. Therefore, this paper proposes a fusion model. First, the product
attributes are mined based on the improved LDA topic model, and then the attribute satisfaction in
the reviews is marked based on attribute emotion analysis. After that, the satisfaction labeling sam-
ples are processed with N-fold crossover, and then the information gain value of each attribute
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under all different samples is calculated, so as to estimate the distribution of the importance value
of each attribute. Then, the distance factor of pairwise distribution is calculated, and the attribute
weight is determined by using the improved AHP method. The empirical analysis of fresh meat
products shows that the proposed fusion model can accurately calculate the weight of each prod-
uct attribute.
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Table 2. Emotional value and satisfaction conversion scale
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Figure 1. The entire process of satisfaction labeling based on emotional analysis
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Table 4. Results of emotional value analysis of comments
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Table 5. Comment satisfaction labeling results
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Figure 2. Example of emotional analysis and satisfaction labeling
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Table 7. Estimated values of overall distribution parameters for each attribute
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