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Abstract

Optical characteristic extraction and de-skew are two difficulties in optical pre-processing. This
paper presents a summary of related works and introduces how to apply the tensor voting method
in optical pre-processing. The algorithm’s flowchart and typical experimental result are demon-
strated to show the completion characteristics of the algorithm.
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Figure 1. The flowchart for optical character recognition
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Figure 2. The flowchart for optical character extraction
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Figure 3. The example for Chinese character
feature recognition: (a) input character, (b)
extracted character contour, (c) skeleton of
the character, (d) key points
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Figure 4. The flowchart for de-skew
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Figure 5. The example for de-skew: (a) input character, (b) extracted character centers, (c)

connection line for the characters, (d) regulated characters
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