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Abstract: Artificial intelligence (Al) is a state-of-the-art technology and has nowadays become highly popu-
lar in scientific and technological fields. Al possesses great capability in handling mass information and for-
mulating intelligent algorithms with human-like logical inference through learning messages and storing
knowledge from input information. Al has been applied with great success to water resources management in
Taiwan. This study aims to systematically present the development and achievements of Al techniques on in-
tegrated water sources management and hydro-informatics with respect to diversified domains including hy-
drology, engineering, environment, eco-hydrology and hydro-meteorology in Taiwan. The continual integra-
tion of Al techniques (neural networks, fuzzy inference, genetic algorithms) with domain-driven technologies
from hydrological, water resources, eco-environmental and informatics engineering fields will be our future
mission, which is dedicated to the development of advanced intelligent techniques on hydro-related systems/
platforms. The creation of a new era on water resources management and sustainable eco-environment with
Al is an everlasting goal for us all to pursue.

Keywords: Artificial Intelligence (Al); Artificial Neural Networks (ANNS); Fuzzy Theory; Genetic
Algorithms (GA); Integrated Water Resources Management (IWRM)
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Figure 1. Structure diagram of artificial neural networks
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Figure 2. Structure diagram of Fuzzy Inference System
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BB 5, BOAE Gyt v DURR /AL 0 B — Bl A

Copyright © 2013 Hanspub

B, BRI, BRATSER SRR, AR TT
PR IR X, e S ST R AR LR
K 3 it Sk AR AR I

3. SEBRELA =65
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Figure 3. Flow chart of genetic algorithms
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BT BRI SEPREE T S AR RN T R
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(if-then)TE 2R, A4 SRR N IR e, R Th s 7K PR
& Gt A SR 5 5 B B AR A AT 45, #dn
NG J7 S5 R R 40 B A ab
Kt 5 FIW 5 8, 30 R K A K AL F
o, PRAUKESE RN T E KR H BTG 2% &
IS/

2011 SEERAIHE— BRI T Z W R B A
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HE AR ET B i B AR BT E SR,
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LRy — e N A 7 SR B 1 A S RGER oR
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B St R KRR FE R P . BF T BR AR S N PR L
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