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Abstract: This paper applies six models, including the autoregressive model, the seasonal autoregressive
model, the threshold autoregressive model, the nearest neighbor bootstrap regressive model, the artificial
neural network model and the support vector machine model into the mid and long-term hydrological fore-
casting. Based on Feilaixia reservoir project, the results show that the artificial neural network model is able
to time series very well. The support vector machine model has the powerful ability of not only the simula-
tion but also the forecasting. The results of those models were combined by the optimal combined forecasting
model. The mean absolute error and the mean square error are selected as the measurements. Relying on the
merits of each single model, the results of the optimal combined forecasting model work very well and are
very well in robustness.
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Table 1. Comparisons of Feilaixia reservoir annual average inflow
models
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Figure 1. Comparisons of the optimal combination forecast model
and the measured average annual inflow for the Feilaixia reservoir
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Table 2. Comparisons of Feilaixia reservoir monthly inflow models
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Figure 2. Comparisons of the optimal combination forecast model
and the measured monthly inflow for the Feilaixia reservoir
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Table 3. Comparison of Feilaixia reservoir maximum flood inflow
models
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Figure 3. Comparisons of the optimal combination forecast model
and the measured maximum flood inflow for the Feilaixia reservoir
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