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Abstract

In this paper, spectral indexes NDWI, NDVI, NDBI were inversed from TM images as the key aux-
iliary information in the classification of city land use. On this basis, the city remote sensing classi-
fication model was put forward based on RBF network and the normalized indexes. Finally, taking
the Sichuan Nanchong city as the study area, using TM image as data source, the city classification
model proposed in this paper was experimented. The experimental results show that RBF net-
work has a certain advantage in the integration of learning parameters. The overall accuracy us-
ing RBF neural network and the surface indexes can reach to 95.02%, which is improved by 7.05
percentage points than only using the band information.
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Figure 1. The false-color image of study area (R = TM 3,
G=TM2,B=TM 1)
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Figure 2. The classification result based on RBF Net-
works and normalized indexes
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Table 1. The classification confusion matrix based on RBF Networks and spectrum indexes (Overall Accuracy = 95.02%,
Kappa Coefficient = 0.94)

7 1. BT RBF M S5HIEEBE N KIREFEME (BHE = 95.02%, Kappa ¥ =0.94)

it X ZIIX NN it A H A
P 495 15 11 0 1 1 0
B 12 496 13 0 0 2 1
X 8 19 541 1 4 5 4
PIEN 1 0 2 542 0 0 0
pizS:) 2 2 7 1 502 6 7
AR H 1 3 4 3 8 519 21
T 0 1 2 0 5 15 495
EFEEREE (%) 95.38 92.54 93.28 99.09 96.54 94.71 93.75
Table 2. The classification accuracy comparison using different input
7 2. FIRRERARN S EBELR
AR Kappa %3
AR B B AR B 87.97% 0.86
FIHI BB 5 e i fa 4 95.02% 0.94

4, 4Eig
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$ 55 RBF 48 I3 7 8 i o A2, W] DAAT 08/ R S5 3717 Ak 5 B A5 e i AR AL A (15 4« A
B0, BEIRS 95.029% K BN EAR (B R 4 SRS R, Lh s ali R F ok B A B E AT 4 8 L RS R4 v 17 5.05 A4
By SEIGHER, TESRTRIEKS 2K, RBF M4 M4 L KASRIE S L G i fEm A i fa g, &
BUHR B S 2= S H 0T T B BRI .
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