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Abstract

This paper mainly forecasts the wrong positioning results for the program of the formal error lo-
calization algorithm before using it proceed two wrong positioning or multiple wrong positioning
by training learn based on machine learn methods. It leads the user to give the high effective
feedback information (expected value or the right value information). Thus, it decreases the
wrong positioning number, raises the efficiency of the wrong positioning and realizes the heuristic
wrong positioning.
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HiE: Buglso HiE

ﬁ)\: P

fi: p[1,m], Seg

HIR:

1 Let m = length(p);
2start « 1,end « m;

3 k « (start +end)/2;

4 h«0;

5 while k # h do

6 Let p[k] be (eqy, < Sk, Ox, € >);
7 if eg; has no solution then

8 end < k;

9 else

10 start « k;
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11 h «k;

12 K % start+end.

13 m' « end;

14 Letp[m’'lbe (eq,< S, 0, =).
15 whilee #= @do

16 Let top(e) be < S,0 >.

17 Seg « {5} U Seg;

18 pop(e);

19 [ «m’;

20 whilei > 1do

21 Let p[i] be (eq;, < S;, 07, £ =);
22 Seg « {S;} U Seg;

23 [ «i—1;

24 return (p[1,m'], Seg)
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Figure 1. Flowchart of classification and prediction
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Table 1. Analysis of feature set
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Figure 2. Selection of parameter k
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Figure 3. A comparative analysis of the accuracy of the two algorithms
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