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Abstract

The research result of machine learning was applied to the digital communication technology,
which enhanced the anti-interference. Fisher method, based on Fisher linear discriminant, used
the kernel skill which is based on the kernel arithemetic. Herein, the Kernel Fisher method is ap-
plied in digital communication technology, and it is emulated by MATLAB. Effectiveness of the
presented recognition strategy is confirmed by some experiments.
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Figure 1. Mapping from the sample space to feature space
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Table 1. Comparison of different S/N (dB) detection and recognition rate
1. REISIN(B)# MR B R EL 3

SIN ¥ Fisher VT ey
1 0.852 0.806
2 0.864 0.821
3 0.903 0.887
4 0.924 0.892
5 0.934 0.916
6 0.945 0.933
7 0.952 0.939
8 0.959 0.950
9 0.963 0.958

10 0.971 0.966
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