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Abstract

Predicting futures market price reasonably can avoid risks and get benefit. In this paper, we used
five kinds of data mining models—support vector machine (SVM) regression, decision trees re-
gression, bagging regression, boosting regression, random forests regression—to predict zinc fu-
tures price. It has got good results, whose accuracy rate can reach above 60% for predicting zinc
futures price change direction within one month.
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Table 1. Analysis variables used in the prediction process
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Table 2. Important variables in lag one month prediction process
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Figure 1. Accuracy of model in lag one month prediction
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