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Abstract

In capital market, arbitrage is an essential trading method to avoid risks. Statistical arbitrage,
which is a genre of arbitrage, has been widely utilized by foreign financial institutions since sever-
al decades ago. Since lacking of Short Hedge Mechanism, statistical arbitrage can hardly be rea-
lized in domestic capital markets. However, the situation is being relieved with the introduction of
margin trading and stock index futures. And the trend to set up Short Hedge Mechanism is over-
whelming. In this dissertation, we tested the arbitrage chances in forex market by adopting the
thought of statistical arbitrage, combining with cointegration modeling and every minute’s closing
rate of EUR/USD and CHR/JPY, which are highly correlated with each other, within 24 hours. After
studying in the time series of price difference, we found that there were abundant opportunities
for arbitrage. Hence, we are able to give out a novel quantified path for investors in the future.
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Figure 1. Curve: decision of entering the market
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Figure 2. Scatter plot of X1
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Figure 3. Scatter plot of X5
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Figure 4. Price difference after decentralization
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Figure 5. Trading opportunities
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