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Abstract

With the rapid development of information technology, the Internet has accumulated a large
number of outstanding teaching resources, and people begin to use the network learning platform
to access these excellent resources in order to achieve the purpose of autonomous learning. In
order to be able to quickly access to the required resources, we must classify multifarious re-
sources. The traditional artificial classification is difficult to finish this job. Using text automatic
classification technology, we can realize the rapid and effective classification of teaching re-
sources. This article will use the GA-KNN and linear programming to achieve the automatic classi-
fication of education resources. From the experimental results, it achieves the expected effect,
greatly improving the accuracy of classification.
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Figure 1. GA-KNN algorithm implementation process
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Figure 2. Neural network structure diagram
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Figure 3. The weight of control experiment contrast
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Figure 4. Precision control experiment contrast
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