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Abstract

With the coming of big data era, massive data on the Internet provide people with great conveni-
ence. But at the same time, the problem of information overloading becomes more and more ob-
vious. At present, collaborative filtering algorithm is the mainstream recommendation algorithm
to solve the problem of information overloading. However, the traditional recommendation algo-
rithm is faced with the problem of data matrix sparsity and the problem of cold start. This paper
proposes a hybrid recommendation algorithm based on features analysis and combines the idea of
collaborative filtering and latent semantic analysis. Finally it recommends the optimal objects to
users. The experimental results show that the improved hybrid recommendation algorithm can
improve the accuracy of the recommendation results.
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Figure 1. Framework of concise system
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Figure 2. Schematic diagram of product feature matrixes
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Figure 3. Comparison of algorithm recommendation accuracy
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