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Abstract

Due to the widespread use of mobile phones, GPS, sensors and other wireless devices, spatial data
set is rapidly growing. The unique complexity and widely application in the real world make spa-
tial data mining a promising field. As one of the important researches in spatial data mining, the
spatial co-location pattern mining attracts more and more attention. Spatial co-location pattern
mining aims to find the spatial features whose instances frequently co-located in neighborhood.
We briefly introduce the current research of spatial co-location pattern mining from three aspects:
type of co-location pattern, method of mining and application. At last, we conclude some interest-
ing challenges in the field of co-location pattern mining.
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Figure 1. Spatial Co-locations mining
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Figure 2. A classic example of spatial data sets
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