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Abstract

In order to solve the problem that the traditional speech enhancement algorithms only estimate
the speech amplitude spectrum, but make phase spectrum remain unchanged, the supervision of
speech separation algorithm based on phase spectrum estimation is proposed. Firstly, after an
analysis of the traditional phase compensation, an ideal combination of mask (ICM) considering
amplitude spectrum and phase spectrum is proposed and applied to supervised speech enhance-
ment algorithm. The simulation experiment proves the algorithm proposed can not only suppress
background noise effectively, but also improve the intelligibility and automatic recognition rate of
the speech significantly.
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Figure 1. The emblem speech separation algorithm block diagram
1 EEMIES S EEEIER

(IR

Jie F g

T B

DOI: 10.12677/csa.2018.84061 549 MR 5 R


https://doi.org/10.12677/csa.2018.84061

FRU, AT

15

Nl‘ﬂ/s. I} 16 /s
(a) @E@%iﬁ: (b) %"ﬂ;‘éi%%

il W /s
(c) Wik (d) ZEGNEntiL

(e) WNTTRENGTHE () AR 7 B ik

Figure 2. Language spectra
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Table 1. Comparison of PESQ indicators.
% 1. PESQ #B#R3ILL

fEMEEE (dB) RETEE A RFS YEYIE WL BN T At T AICHE
—6 1.303 1.462 1.291 1.336 1.856
-3 1411 1.582 1.360 1.520 2.059
0 1.588 1.770 1.789 1.931 2.266
3 1.587 1.720 1.753 1.940 2.264
6 1.918 2.105 2.164 2.497 2.695

Table 2. Comparison of STIO indicators
7= 2. STIO E#RxfEL

5L (dB) RETHE A RFS YEYAIE WL AN T A T AICHE
—6 0.567 0.505 0484. 0.472 0.764
-3 0.632 0.567 0.553 0.551 0.813
0 0.702 0.645 0.642 0.677 0.860
3 0.701 0.631 0.623 0.632 0.859
6 0.830 0.765 0.763 0.779 0.928
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Figure 3. PESQ calculation flow chart
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