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Abstract

This paper studies the credit risk assessment of small and medium-sized enterprises by commer-
cial banks from the perspective of supply chain finance. Firstly, it analyzes the characteristics of
supply chain finance and the theoretical basis of the underlying support. This paper analyzes the
factors that affect the credit risk evaluation of SMEs under the supply chain finance model, and fi-
nally determines the credit risk evaluation index system based on supply chain finance. Then it
analyzes and evaluates the traditional credit risk measurement model and the modern credit risk
measurement model, and confirms that the BP neural network model is adopted in this paper, and
proves its applicability by comparing the empirical research with the Logistic regression model.
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Table 1. Credit risk evaluation index system of small and medium-sized enterprises under supply chain finance model
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Figure 1. The BP neural network topological structure
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1) AIATPE T R SPSS22.0 Goit B AR E B FEAFRAR BEAT A5G FN Bartlett BRAERTSG, DALLRAS
LI HR bR & T3 A e b o 45 RNk 2.
M 2 hAIE Y, FEASEE ) KMO 345 0.710, Bartlett BRIEAGE P AN 0.000, FniE 44 i% 8%,
Vi R B A BRI AR O, &SR T AT
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B 4 BARaT R 5 A 7 B AR RE R0 R
Y, =0.16X, +0.172X, +---+0.152.X,, —0.157 X,,
Y, = 0.024.X, +0.029X, +---+0.084 X, +0.06 X,
Y, =0.029X, —0.061X, +---—0.064.X,, +0.048X,,
Y, =0.02X, —0.025X, +---—0.08X,, —0.016.X,,
Y, =0.137X, —0.151X, +---+0.191X,, —0.043.X,,

4) #% Logistic FIE#EAY: 12 H SPSS22.0 X #EATSLUE /3T, #4%E Logistic BEAY, SRIUZ A )5 1K 77
AT R 23T
Logistic 18 [0l 577 AR & W34 PR WA 5, SO & SR 2 A oA g AR5 JE A 00, B 2R [l
HERH, S.EFRpnbrdEinzE, Wald 2 RI7E, T B BREVEMFRER(S. E)RFIIE, df NEHBEE, Sig
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Table 2. The test of KMO and Bartlett
5% 2. KMO 5 Bartlett #35

KMO #EAHIEE 0.710
EAARTT 612.129
Bartlett FJERIE BRGS0 df
Sig. 0.000
Table 3. The table of the contribution from factors
= 3. EFmEER
HIAARRHIEE ST IE N
[ %ix

it 777 11% FH% ait 777 11% FH%
1 5.250 27.633 27.633 5.250 27.633 27.633
2 3.035 15.976 43.608 3.035 15.976 43.608
3 2.643 13.912 57.520 2.643 13.912 57.520
4 1.907 10.035 67.556 1.907 10.035 67.556
5 1.275 6.711 74.267 1.275 6.711 74.267
6 0.862 4.537 78.804
7 0.803 4.228 83.032
8 0.668 3.515 86.548
9 0.499 2.627 89.175
10 0.451 2.373 91.548
11 0.315 1.659 93.206
12 0.251 1.321 94.528
13 0.243 1.280 95.808
14 0.206 1.085 96.893
15 0.181 0.950 97.843
16 0.156 0.820 98.663
17 0.115 0.607 99.270
18 0.086 0.452 99.723
19 0.053 0.277 100.000

5) FHZERD: 6, KKAED Z1, Z=0 Rz NI EML, Z=1FrRiZe AR
Rk, MR —ATEIE A, T 51TAMEAREIE A 16 ST A, AR SCEENL 1) logistic
D] =R 00 4D A A G RS £l Bty 9 A, A 0 S R A B ity 7 A4, T ) IE R 365 56.3%:
FRE, MERFE AT B, SHFREAREIE 1 35 M XA, A SCEE L1 logistic [A])45
BT (4 [ g A Al iy 30 A, RS A9 TS Al e 5 AT IE #2800 85.7%;  JUIREAY
255 T 2N 76.5%.
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Table 4. Component matrix

= 4. ETFHEER

[
1 2 3 4 5
PL S HE K AR 0.160 0.024 0.029 0.020 -0.146
MR BT 0.172 0.029 -0.061 -0.025 0.005
LA B 0.122 -0.069 -0.130 0.104 0.101
A AE 5 4% 0.172 0.007 0.012 0.030 0.105
e gl -0.013 0.156 0.061 -0.284 0.291
W4 0.019 —0.042 -0.163 0.304 0.398
ek -0.014 0.267 -0.017 0.095 -0.195
WAL R -0.023 0.198 —0.045 0.100 -0.086
SRR R -0.008 0.235 0.041 -0.169 0.137
HrgE e A L g K2R -0.039 0.253 —0.045 0216 -0.151
RN ONElER R -0.022 0.174 -0.159 0.245 0.206
Bir 0.075 0.047 0.114 -0.211 0.201
BRI A 0.051 -0.002 0.307 0.220 -0.072
IER=E | N 0.072 -0.002 0.289 0.191 -0.058
ISV =N 0.117 0.031 -0.068 -0.066 —0.470
FAEE L KR A -0.072 -0.034 0.246 0.176 0213
A 0.085 0.150 0.180 —0.041 0.125
PERIEE = S LS 0.152 0.084 —0.064 -0.080 0.191
Bita ikt A B AR i -0.157 0.060 0.048 -0.106 -0.043
Table 5. The table of variables for the regression equation of logistic model
< 5. Logistic #HAIE)FFIETE RE M HHAAR
B S.E. Wald df Sig
g 0.835 0.454 3.382 1 0.066
Y, 0.632 0.443 2.037 1 0.154
Y -0.263 0.549 0.229 1 0.632
IR la
Y, —1.444 0.506 8.129 1 0.004
Ys 0.722 0.518 1.947 1 0.163
W 1.346 0.486 7.673 1 0.006
Table 6. Logistic model classification table
%= 6. Logistic {21335k
S
R AE P Al
. 4 KR IE
0 7 56.3
HIE 1 Pl 30 85.7
BIRH 76.5
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4.2. BP HEZME 54T
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3) LR EEREFE: FELE R X IX PR E 6.4 MEJ ISR A IAE A (KA 80, X B T REA B B 60%-
40%. FNJEPESE 6 NEASRA 13 MR, FEEUZNEOY 10, RilEN 1 AR,

4) FHaE RN B A RPEE ST ILNR: TR 7 PER, 51 AAHEARIERILR, K
27 MR ST BIIGREEA, S 52.9%, 5340 24 AN ECNSCREREAR . NFE 8 Tl B I ZREE A
AT F A LR R 22308 111%M 12.5%, 7R3 A w75 21 Zrbe Ak 48 000 A 1 26 20 30l 8

88.9%F1 87.5%.

Table 7. Observation value processing summary

F 7. URELEHE

N "okt
. VI 27 52.9%
FEA i
Testing 24 47.1%
B 51 100.0%
CHERR 138
Bt 189
Table 8. BP neural network model classification table
< 8. BP fEMEER LR
TRIIME
[EFN MEE
0 1 E#IE ot
0 9 2 81.8%
Ik 1 1 15 93.8%
BARH S 37.0% 63.0% 88.9%
0 3 2 60.0%
Testing 1 1 18 94.7%
BARH S 16.7% 83.3% 87.5%
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