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Abstract

The research work of this paper is mainly on the basis of the amplitude squared spectrum least
mean square estimator and proposes a new algorithm. Due to the uncertainty of the speech in the
statistical model of noisy speech, the unified processing of speech signals will inevitably result in
the loss of speech components, which will affect the performance of speech enhancement. There-
fore, this paper mainly studies and estimates the frequency of each signal. The speech probability
is then combined with the gain function of the squared spectrum least mean square error algo-
rithm to derive a new gain function. Finally, we can see through the experimental simulation, the
algorithm proposed in this paper can significantly improve the voice quality and improve the in-
telligibility of the voice.
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Figure 1. The spectrum of speech signal of different algorithms under white noise.
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Table 1. The data comparison table of the two algorithms
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5dB 5.7190 5.6961

LSD 10 dB 5.8803 4.7070
15dB 6.0238 42512

5dB 6.1954 6.5140

SegSNR 10 dB 6.5744 7.3483
15dB 7.6732 8.3765

5dB 0.6625 0.6770

STOI 10 dB 8.7320 8.7570
15dB 9.0451 9.1620

5dB 1.6917 1.7928

Pesq 10 dB 1.9712 2.2366
15dB 2.0039 2.6425
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