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Abstract

Describing relationship between neurons in the classical pulse couple neural network, it only con-
siders spatial location information between neurons, and neglects gray information, which makes
dynamic synapse weight inaccurate and easily produces missegmentation. To overcome this prob-
lem, this paper uses influence function of grating cells as dynamic synapse weight between neu-
rons, and gets a new linking item. In the new linking item, it not only considers gray information in
a local region, but also considers variance information; at the same time, it has advantages of
grating cells, which means appropriate orientation, position and periodicity. Simulation experi-
ments illustrate segmentation of this method is better than the classical pulse coupled neural
network model, further verify the effectiveness of this method.
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B o E 2 G AL B 0 JE Al 23 B0 HERf 2 m B Ji5 2k UG AL FRASCR, 30 2 M e R R H . 1
GBI FIRZ, Horh, Bk RS A #2845 (pulse couple neural network, PCNN)AE &Y ELA5 %6 7% & AHALL ) 1%
AT o H LR, D SRR B 22 S, TRAN R DX SR A SN LW, A0 T HoAth B 343 RIOTVE( 1] [2] [3] [4].
{ERK R G A MR S %, 0 PCNN SR B8R, B350 2808 PCNN H2Y EHE 2 F11)
M —; MATTZIMRREIR, PCNN BAE DEM R L0 R NTER R, 207 FIRR

N T fE PCNN B 24000 5 ), XIS 3052 A0 By A5t 404t PCNN AR s KHLER, 13 52
Map 28 0 RUK TR 3, 2 tH T4k PONIN B2 S 40011 BOE L1 E 777, 45 tHeSosE ) PONIN B . ] 2R [ 5
Afiif 7 PCNN B8 BN 55, RIS BME S X A 1) 58 R 45 1 & S H00 e #ENI[6]. He
SEN[715E H 4k PCNN 8 B9 S 1 5 5 #1000 NARENR, BRI A S RS2 S8
R, A TR SRR E, Kent JRIHEHU R T4 4 S R FEN RS Rd R, KD WEZmES
WSHIN R . Gao 55 AHE H —Fh B I S 17 5 BTG B 004 2 4L(8]. Yang 558 A& H AR S0 Wi fk ik i
AWM BEA9], @ik 3 ANtk POCNN BT AL, S EUEE AN BUR Gt Rt R s 2 0 i 3)
AR E 3B E T

N T SR m kRS S S B  RIBOR, TR FENR AR R e 7%, #iltn: Jiang 55
N PCNN BERUSRAG AR JGEAR) 20 B EHE[10], R Canny 515 304 81 EAGAE 7 31 EUR 1) 32 7 B
B, TEWE ARG 2 R d /MU BB, 20 5 EAGO BLE) 43 5 BB 2 e A B 2 BOR . BORZE Bk
IS FICR IR T, HRTEER, AGERBSEITHE . Xie 5 AKH PCNN B 1) 4 H12%
FAE VIR Rl 42, R S A 93 K& TTE D FIEUR BAR[11]. ARIBEBERAE, Xu S5 A SR H X5
AR K kR R B 2 X 2 AT O B R AL R [ 12] - Guo S5 N B H 4 S S5 R R A 51 N 10165 A4 Jik b bl 5 i 28 DX 2%
BT B bR EI13].

LRFHANFE AR S0 PCNN BB R 5 %E(5]-[13], &5 T EURRI 2RI, (20 7R s
T AP NIERE R, 7 HIS5A R, &5 HIRSFIIER .
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Figure 1. Segmentation of images
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