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Abstract

Protein complexes are important biological function modules in protein interaction (PPI) network
and play an important role in biological activities. Usually the topological structure is used as the
condition for clustering in the PPI network, which constrains the overall performance of complex
identification. To improve this problem, a new complex identification algorithm is proposed based
on fusion of multi-source information. Firstly, based on the semantic similarity of GO, we construct
a weighted PPI model and design a core-attachment clustering algorithm based on the density,
diameter and cosine similarity. Secondly, the seed nodes are sequentially selected according to the
descending order of the node degrees in the network and expanded in weighted graph model to
identify protein complex. Lastly, the proposed method is compared with three classical algorithms.
The experimental results indicate that the algorithm can effectively enhance the performance in
terms of precision, F-measure and functional enrichment analysis.
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Figure 1. Performance comparison on CYC2008
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Figure 2. Performance comparison on MIPS
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YDL145C, YER122C, YFRO51C, YGL137W, YIL004C, 439613 ER to Golgi
YILO76W, YLR0O78C, YLR268W, YPLO10W ’ vesicle-mediated transport
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