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Abstract

The taxi GPS trajectory data can mine wealthy residents travel law information, but for the in-
creasing number of data, there are new requirements have been put forward about the accuracy
and efficiency of data mining. This paper takes Chengdu taxi GPS trajectory data as the research
object. First, the distortion of the original data and the redundant field should be deleted, and
partial time data should be filtered, then the map should be matched; finally using the spark Big
Data processing platform, it realized K-means| |, divided into working days and rest days to
analyze and get the hot spot area of Chengdu residents and its space-time distribution characte-
ristics. Finally, compared the performance of the K-means and K-means| |, the result showed
that K-means| | had superiority in accuracy and time efficiency compared with the single ma-
chine.
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Figure 1. Comparison of travel volume of residents in each period

B 1. BRERERBITEX

Figure 2. The comparison of before and after map matching. (a) Before the matched map; (b) After the matched
map
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Table 1. K-Means|| detailed parameters
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Table 2. Distribution of early peak hotspots on August 4
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Figure 3. Distribution of hotspots during peak hours on workday. (a) Early peak distribution; (b) Midday peak
distribution; (c) Late peak distribution
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Figure 4. Distribution of hotspots during peak hours on weekend. (a) Midday peak distribution; (b) Late peak
distribution
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Figure 5. Comparison of running time of different nodes
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Figure 6. Acceleration ratio of different nodes
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