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Abstract

Tax assessment is an important and complicated task. Under the situation that there isn’t a very
effective warning model for tax assessment at present, this paper points out a way of using recur-
rent neural network (RNN) to establish warning model of tax assessment, and select the enter-
prises which have some tax suspects. This can solve the problem that warning model has no direc-
tive property of suspects. Through establishing warning model of tax assessment in industries,
and verifying the analysis, this paper shows that this method is feasible.
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Figure 1. RNN schematic diagram
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Figure 2. Work information flow chart
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Table 1. The index data and coding
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Figure 3. Business processes
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Table 3. The contrast on inspection results and samples outputs
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