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Abstract

The triple play enables broadcast and television operators to interact with a large number of
home users in real time, making full-scale, personalized product marketing and paid services a
reality. As one of the means to solve the information overload problem in the current era of big
data, the personalized recommendation system is how to select the results of the user’s interest
preference and the correct rate in many TV products, so that the recommendation results can be
better interpreted sex, novelty and diversity requirements. This paper discusses the key technol-
ogies in the personalized TV product recommendation system, discusses the current challenges,
and helps to better complete the design and implementation of the recommendation system.
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Figure 1. Principle block diagram
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Table 1. Comparison of recommendation algorithms
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