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Abstract

In this paper, an outlier detection model is established. After removing data redundancy, the out-
lier data is cleaned up, that is partial selective removal of trajectory data drift. Then a map match-
ing algorithm based on Hidden Markov Model and real-time electronic map are used to match a
segment of the trajectory offset to the nearest road network, which completes the matching of the
transportation road map of the transport vehicle and corrects the abnormal section of the vehicle
trajectory better.
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Figure 1. Schematic diagram of path noise
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Figure 2. Map matching principle
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Figure 3. Actual data roadmap
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Figure 4. Removing the anomaly data graph
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Figure 5. Map matching algorithm after processing
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