Operations Research and Fuzziology & 51422, 2019, 9(3), 222-231 Hans X
Published Online August 2019 in Hans. http://www.hanspub.org/journal/orf
https://doi.org/10.12677/0rf.2019.93025

A Credit Scoring Technology Based on Bayes
Discriminant Analysis

Shenghua Zhou
Rizhao Marine Engineering Vocational College, Rizhao Shandong

Email: 66838031 @qqg.com

Received: Jul. 19", 2019; accepted: Aug. 2™, 2019; published: Aug. 9", 2019

Abstract

According to FICO Score theory and Bayes Discrimination, the credit scoring model is derived,
which ends up as an optimization model with linear objective function and quadratic equality
constraints. Finally, compared with Logistic Regression through an example, the result shows that
the credit scoring model is effective and can support application scenarios of practical business
better.
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Figure 1. The diagram of score distribution
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Table 2. The binning of input variables
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Table 3. Calculating results of the scoring model
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Figure 3. ROC curve comparison chart
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